Section 2: What Does Well-Being Capture?
Subjective well-being refers to all the evaluations (both positive and negative) that people make about their lives (Diener 2006) . The term refers to a category of phenomenon that includes peoples' emotional responses, domain satisfactions, and global judgments about life satisfaction (Diener et al. 1999 ). Additionally, although these different terms may denote different aspects, they often correlate significantly and hence are often studied under the umbrella term of well-being.
The term subjective well-being is often referred to simply as well-being to restrict the negative implication that the term subjective may carry. Although the term implies that the level of well-being represents a measure that is not objective, there have been a number of methods that have been used to assess the validity of the measure of well-being.
On the other hand, the term happiness is usually used to represent the positive feelings that an individual may experience. However, happiness can mean a number of different things to different people with interpretations of the term referring to a global evaluation of life satisfaction, the causes that make people happy, if they are living a good life (with the manner in which the term happiness is used being useful to understand the context). Hence, scholars tend to avoid using the term happiness, and instead focus on using the term well-being. Nonetheless, it is important to note that well-being or subjective well-being is colloquially referred to as happiness (Diener 2006) .
Additionally, studies have found that the correlation between well-being that respondents report in social situations and when left alone is correlated to 0.92 (Diener et al. 2009 ), their level of well-being at work is correlated with the level of well-being when at home to 0.74, and Magnus and Diener (1991) found that, across a 4-year time period, the level of life satisfaction measure was correlated to 0.58. These studies show that there is an inherent factor that the measure of well-being captures. This has lead researchers to identify traits that would make some people naturally happy and some naturally unhappy. One study examined twins to assess if this difference in the level of happiness is genetic, or if it is due to the environment and life situations. Tellegen et al. (1988) assessed twins that were reared apart and those that were reared together and found that between 40 and 50 percent of variation in the level of happiness could be explained by genetic variations. The remaining differences could be due to environmental factors.
Section 3: Scales to Measure Well-Being
There are a number of scales to measure the level of well-being. Although individual researchers may prefer different scales, these have been shown to have a high degree of correlation between the results that different scales provide. Broadly there are two classes of scales. One class is sets of scales that are single-item measures scales, which include the Cantril Scale used in this study. The other class of scales includes a multi-item scale that includes the satisfaction with life scale. Overall, there are more than 10 scales that have been used to measure the level of well-being. Some of these are summarized below.
Cantril Scale: The Cantril scale (Cantril 1965) has been used to measure the level of well-being by asking respondents to image a ladder with one end of the ladder representing a "best life for you" and the other end representing the "worst life for you." The respondent is then asked to identify where on the ladder they would stand. Although the initial scale used 11 steps, the ladder is occasionally described with nine or sometimes ten steps. The scale was proposed by Henry Cantril and has found success with the results being "theoretically convincing and politically interesting" (Glatzer and Gulyas 2014, p. 510) . In a study of the Cantril scale, researchers found that people in two developed countries (the Untied States and Germany) perceived their position on the scale above the half way mark and people in two developing countries (India and Nigeria) perceive themselves to be below the half-way mark. However, in general, people perceive their future expectations to be higher than their current state (Glatzer and Gulyas 2014) .
Satisfaction with Life Scale:
The satisfaction with life scale was proposed by Diener et al. (1985) Other single item scales to measure the level of well-being include the D-T scale, which asks about how happy you are, the Fordyce scale which is based upon how happy or unhappy you feel, another scale that was proposed by Fordyce that asks the respondents about the percentage of the time that they feel happy and the percentage of the time they feel unhappy, and a scale that was proposed by Gurin et al. (1960) that asks respondents to assess how they feel they are these days and select if they are "very happy," "pretty happy," or "not too happy." Multi-item scales to measure the level of well-being include one proposed by Bradburn and Caplovitz (1965) that uses a 10-item scale that yields a positive affect score and a negative affect score. Campbell et al. (1976) used an eight-item scale to assess the level of life for a respondent along a number of different dimensions. In a review of the literature, Dolan et al. (2008) found that the majority of data sets that measure the level of well-being use one (and sometimes two) single-item measures.
A limited set of studies have compared the different scales. Diener et al. (1985) assessed the correlation between the satisfaction with life scale and other scales and found moderately strong correlations between the scale being assessed and other subjective well-being scales. Pavot et al. (1991) examined issues surrounding the satisfaction with life scale (SWLS) and found that the there is "considerable evidence for the reliability, unitary structure and convergent validity of the SWLS scale" (p. 158). 
Appendix B Additional Analyses

Appendix C Instrumental Variable Analysis
In order to examine the effect that the level of ICT has on the level of a country's well-being, we performed an instrumental variable analysis to control for possible endogeneity that is driving both the level of ICT in a country and the level of well-being in that country.
To control for an endogenous factor that may be driving the results, we use an instrumental variable that is correlated with the dependent variable, but not correlated with the independent variable apart from through the possible correlation between x and y. For example, "costshifters" (Nevo 2000), characteristics of competing products and characteristics of different products manufactured by the same firm (Berry et al. 1995) can be used as possible instrumental variables. In this study, we made use of an instrument that is similar to the cost-shifter approach.
One factor that has caught the attention of researchers in recent years is the average slope of the terrain. Researchers have argued that the slope of the terrain is correlated with the cost in rolling out broadband Internet (Kolko 2012) , in addition to traditional fixed-line telephones and towers for mobile phones. There is perhaps no driving factor behind the slope of the terrain and its corresponding relationship with the level of ICT in a country. We use this variable as an instrument to control for the ease in providing ICT services to citizens.
One drawback of using the slope of the terrain is that the instrument in static in nature as opposed to the longitudinal panel structure of our data.
To overcome this, we used two instruments. The first instrument, provided by Nunn and Puga (2012) , is cross-sectional in nature and is the slope of the terrain weighted by the country's population. This is computed by calculating the Terrain Ruggedness Index for a country and weighting it by the proportion of the country's population that lives in that area. In addition, to overcome the static nature of the instrumental variable, we multiplied the slope of the terrain with the population density of the country. Since we have information on the population density across the panel for our data, we are able to construct a dynamic instrument to use with our panel data. The advantage of using such a dynamic instrumental variable is the ability to control for endogeneity that may be present in the analysis.
Additional Instrumental Variable Analysis
The tables presented below provide detailed test results for the instrumental variable analysis already presented in Table 2 , Panel A in the main text of the paper. Specifically, we conducted tests for overidentification, underidentification, weakness of the instrument, and the endogenity of the instrument using a number of statistical tests. However, due to the upper bound of the number of countries that we were able to include in the analysis, we are limited by the sample size that we are able to have for these tests. The exogeneity test was not conducted for the panel data due to clustering of errors that was done for the model.
The results that have been provided in Table 2 , Panel A (and the corresponding tests that have been provided in Table C1 ) are for a larger set of countries than have been included in Table 1 . However, we document that our results (as shown in Table C2 and C3) are robust to the smaller set of countries presented in Table B3 . 
